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Artificial Intelligence and High-quality Growth & Employment

in the Era of New Technological Revolution
Cai Yuezhou! Chen Nan’
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Research Objectives: Summarize the techno-economic features of Al as the new-generation infor-
mation and communication technology, clarify Al’ s influencing mechanism on macroeconomic growth,
employment and income distribution, and provide a development outlook, against the backdrop of the
current Al boom, on China’ s economic growth and employment, as well as relevant suggestions on
coping strategies. Research Methods: Based on leading literature review, growth theory and develop-
ment economics, the paper applies induction and deduction methods to identify A’ s techno-economic
features and its influencing mechanism. Statistical data and trend analysis are conducted so as to pro-
vide an insight on Al” s impact on China’ s economic growth, employment and distribution. Research
Findings: With its four techno-economic features, such as, pervasiveness, substitution, synergy/co-
operativeness and creativeness, Al can not only promote high-quality growth across various economic
sectors, but also contribute to the upgrading of macroeconomic growth through its own expansion
With the progression of Al and other automation technologies, aggregate employment is projected to
stay relatively stable as a result of the interaction between displacement and countervailing effects Yet
structural shocks to the labor market can hardly be avoided. Middle class occupations are more prone
to be displaced/automated, leaving the job market to polarize into its higher and lower ends. Along
with such structural shifts, the overall labor share after the primary distribution of national income will
fall off. The senior labor cohort who are susceptible to automation but stuck with lower than average
educational and skill levels will suffer the greatest welfare loss, and income disparity within the labor
force will enlarge thereafter. The increasing labor cost in China will accelerate the application of Al,
which may in the end become a strong pillar for China’ s high-quality economic growth. However, the
current mismatch between the newly adjusted employment structure and China’ s labor demographics,
together with deficient educational attainment of the workforce, may lead to serious structural unem-
ployment and widening income gap in the short and medium term. Research Innovations: This paper
has identified the techno-economic features of the new-generation Al and its influencing mechanism on
growth and employment. A forecast on China’ s economic growth and employment has also been de-
duced. Research Value: Provide an early alert to AI” s potential negative impact on the economy and
society, and propose policy suggestions regarding industrial policy, market regulation, social security
and education and training system.

Key Words: Artificial Intelligence; Techno-Economic Feature; High-Quality Growth;
Employment Structure; Income Distribution Pattern
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